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Abstract: To automatically determine the number of clusters,a new fuzzy clustering algorithm is proposed in this
study , which is based on soft partition scheme and integrates many FCM clustering results. In this method , FCM clustering is
implemented on data by the cluster number ; then the membership information is used to build a cumulative adjacency ma-
trix ; finally , the graph cut method is adopted to the cumulative adjacency matrix by iterative manner to obtain clustering re-
sults. Simulation experiments show that,compared to the current integrated clustering method , our method can effectively re-
duce the number of FCM clustering ; furthermore,, its iterations in the graph cut process is about 1/2 of the existing method.
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